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1. Introduction

The influence of social media is a new phenomehahhas affected everyone. It has affected neadyyesector that can be accessed on
the internet. It has also affected the higher eilicasector. It has been a major influence espgcal “Digital Natives.” With the
emergence of social media influences such as Faketmon and many others, a significant amount gkitetrates our psyche on a daily
basis. When things can go viral, it can tarnish esmne’s reputation in a matter of minutes. Due s phesent paradigm shift, what has
emerged is a new social revolution that has afteeterything that surrounds us. That is the dangesale of social media. The subject of
our research is the controversial website, RateRvlyfessors.com (RMP). As student evaluations eqeired for higher education
courses, RMP takes that to another level. By utliegsocial media as distribution channel, RMP takssuctor evaluations to a new
level. No longer can university faculty hide theialuations from prospective students. RMP hasthattneed by using social media as a
vehicle to meet that need for information on cal@gofessors. Evaluations are aimed at coursaugigin quality; and they can also assist
in possible course improvements. This type of $ounedia takes on a different complexion for profesr anyone whose reputation can
be affected by RMP.

2. Review of the Literature

Background of the Study

RateMyProfessors.com (RMP) is a review site, fodnide May 1999 by John Swapceinski, a software exgyirfrom Menlo Park,
California, which allows college and university dgnts to assign ratings to professors and cammisgmerican, Canadian, and United
Kingdom institutions. The site was originally latwec as TeacherRatings.com and converted to Raterbfgssors.com in 2001. Rate My
Professors.com was acquired in 2005 by Patrick éNadl William DeSantis.[1] Nagle and DeSantis laéepld RateMyProfessors.com in
2007 to Viacom's mtvU, MTV'’s College channel. Tleenpany is currently incorporated in New York.

Rate my professor.com is an internet professongagite. Students rate their professor on bothverdoint Likert Scale and narrative
descriptive comments. The faculties are ratecherfdllowing categories: "easiness", "helpfulnesslarity”, the rater's "interest" in the
class. The rater may also rate the professor anttbtness, and may include comments of up to nxcBaracters in length.

Registration is required and postings by studemtsansidered anonymous well sort of, if they aie, subpoenaed or other legal recourse,
if the company is sold if they feel your informatiavould help with a promotion. Be sure to read ®wohagreement. Individuals may
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both read about and post an evaluation on an oisttuUsers may create a listing for any individoat already listed. "The Overall
Quality rating is the average of a teacher's Hétefss and Clarity ratings...." It's the professdDsgerall Quality rating that determines
whether their name, on the list of professors,cisompanied by a little smiley face (meaning "Goaghlgy"), a “frowny face ("Poor
Quality")”, or an in-between, expressionless fdée/¢rage Quality"). A professor's name is accomgatiy a chili pepper icon if the sum
of his or her "HOT" ratings is greater than zertud®nts can also comment and rate their schoolodbdRatings categories include
Academic Reputation, Location, Campus, School kjhrBood, Clubs & Activities, Social Events, andgpaess.

Students can also comment and rate their schobbdbdratings categories include Academic Reputati@metation, Campus, School
Library, Food, Clubs & Activities, Social EventsicaHappiness. There is a rebuttal feature for psufies. Professors must register with the
website, using an ".edu" e-mail address, in ordanake their rebuttals. The site also has a feasalted "Professors Strike Back" which
features videos of professors responding to speeifings that they received.

In 2009, an iPhone app was introduced. In 201dfepsors were given the ability to make their Tavitiandle available on their professor
profile pages for students to follow. The compaag lhecome legal savvy and there is a Terms of Aggeesection and a Copyright
Policy. Therefore, users and their content couldui@oenaed into court, as have many cell phomedgcand Face Book records.

Prior Research on Rate My Professors.com

Some of the prior research studies on RMP have bresedingly limited. Those studies were from SilS8dva, Quinn, Draper, Cover,
and Munoff, (2008); Otto, Douglas, Sanford, and $q2008); and Ritter, (2008). The later studiesRiMP were conducted by:
Cavanaugh (2009); Davison and Price, (2009); Gred@011), Kowai-Bell, Guadagno, Little, Preissgdatensly, (2011). We found there
is a gap in the prior studies and literature. Thisra gap in the prior research on how RMP actuaflyences students’ behavior and
choices. The aim of the researchers is to deterhememuch of an influence of RMP is on students thedl choices in courses selection,
professor selection and future choices. A conslidleramount of the literature collected data from fRREs secondary data and conducted
statistical analysis on it. We wanted to take &edifnt approach for this study. Our approach watiect primary data from the students
and measure their opinions about RMP and its inflteeon their choices.

Instructor Evaluation Bias

Little is known about the consequences of RMP’s Bagiability and validity of online survey is nestablished. Concerns about biases
related to instructors personality, and charisnsuation instead of faculty performance and studimantning hence there is debate on the
data quality. Being rated as “easy” is relativegesd instructors can make hard material easy omsteuctor may have dummied down
the material. Concerns: this could pose as antdiatleangry students or students who earn a lowsmscore. There is the legal issue of
libel or defamation statements on the charactemoihstructor. Additional bias is the limited nuentof times an instructor is evaluated
may be limited to actual numbers of times the owvas taught or number of years the faculty haghtathere is the possibility of an
inaccurate expectation that is exhibited by eittegative or positive comments about the instrucfdrere is also the issue of instructor
bias. RMP has a highly selective sample, whichastriikely used by students that either love oetaprofessor. Data may be entered by
anyone at anytime. False accusations could be gpestsily although it appears that false accusatioag be removed by submitting a
request to the Site Moderation Team, if the fachlig the time to monitor the site. They may entga diuring the course or six months
after they take the course. They may not have tkecourse they only need the course number. Hrereo safe guards to prevent ballot
stuffing whereby faculty may rate themselves omagry student may post multiple times from varicosnputers using various email
addresses. Lastly, differentiation must be mdmbeiiathe facilitation of learning versus studeritséaction.

Poss ble Benefitsto Students

Students may gain helpful insights into instrudéarching style, course difficulty, instructor perality, students may enter the course with
a preconceived positive attitude toward the instruor curriculum. In theory, students may avoigeaceived difficult instructor. Students
feel empowered over course and instructor choice.

3. Theoretical Framework and Conceptual Model of the gidy

The following theoretical model is presented in endetail with the specific variables for the stu@lize model that follows gives the both
the factors and variables and thus appropriatedratgnl by the three factors. The terms for markéiabior and entrepreneurial risk
variables is illustrated (see Figure 1). A 28-iteesearcher-developed instrument was used for adiecion. A 7-point Likert Scale
instrument developed was specifically for this gtuthe theoretical framework will be tested usihgdretical analysis of a samphd €
110) of college students from an estimated populatfo?0,000 students in San Antonio, Texas (BexarnmBgu

As illustrated, the theoretical model is presentdtth the factors and the specific variables. Thedetdhat follows gives the both the
factors and variables and thus appropriated sequhiat the three factors. The terms for the modéltae variables are illustrated. The
conceptual model of the study is illustrated (sepuié 2). The model illustrates the factors to beasured in the study. The model
proposes three factors of Rate my professors’enfle to be critical in influencing college studémtsoices. Figure 1 illustrates the a
priori factors and number of items within each éaciThe theoretical basis for the study followshwfdctor implications for entrepreneurial
risk. This study will examine 20 variables. Thetfaderms are distinct and dissimilar in naturecdmparison between the theoretical
model and the conclusive factor analysis results lvei discussed later. This will be done to undmmdtthe differences between the
statistical factor loadings and the theoretical eipand also to validate the structure of the tegcal model.
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Figure 1. Three Factors - 20 Variables: Theoretical Framé&wodel Detail
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Figure2. Conceptual Model of Study

4. Research Methods and Research Design

Research Design Strategy

This study used a non-experimental, exploratorgassh design. The study used a cross-sectionardsdesign strategy, which attempts
to collect quantifiable or quantitative data withotor more variables. The development of this neteatilized researcher-developed
instrument based on scale development principlespaactices (Fowler, 1988). Also the research aesigized an exploratory factor
analysis with a principal components analysis metigoproach. The research design implemented aysapggoach using three strategies:
web-based surveys, personal administration andquagtionnaires.

The development of the instrument consists of aiitpLikert-type scale (1 = Strongly Disagree to=7Strongly Agree) and 28
questionnaire-items. The Likert Scale was most@pgate for this study because: (a) the likeliha@bghroducing a highly reliable scale;
and (b) the capability to measure more data. Thestegies attempt to maximize accessing the highesber of participants through
multiple data sources and multiple sites (Fowl885t Zikmund, 2003).
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Data Collection

The data collection strategy primarily utilized alwbased approach. The data was collected thraugieySMonkey, a web-based survey;
the data was downloaded and exported into an Bprehdsheet. The Statistical Package for the ISBciences (SPSS) software used to
conduct the statistical analyses. This study iredudescriptive statistics, inferential statistiod anultivariate statistics.

The rationale for using descriptive statistics waga) establish central tendencies; and (b) emartie dispersions in the data as reported
in terms of means and standard deviations. Infizestatistics included a one-sample t-Test wadl useunderstand the statistical
differences between factors. In addition, a faetmalysis was used to determine and measure pattedrendencies in the data. Notably,
all inferential statistical analyses were compuged .05 level of significance. A sample size 0D $iudents was collected for this study.
The proportionate sample was based on estimatedaimm of college students in the metropolitareaoé San Antonio, Texas (Bexar
County). The sampling frame population consistiesl @onvenience sample for the selected participlctted in the San Antonio area.

I nstrument Devel opment

The survey instrument used for this research waldged specifically for this study. As a result tbiis inquiry into Rate my
professors.com, an instrument had to be developeduse it did not exist. As a result, the surveg developed from the review of the
literature. The review of the literature establihke three factors of the scale, and establighestéms for each factor. Again, this is a
pilot study. In addition, the instrument was aleveloped based on previous studies on RMP. Thergap in the literature; most studies
have not researched students’ opinion about RMP.

The review of the literature established the dinwassfor the researcher developed-scale. The itatisaf student behavior in terms
course selection and professor choice processesh®an based upon four dimensions. The instrunmeploged a Likert item response
scale. This survey employed a five point Likertlsaaith responses as follows. The decision to uZepaint Likert scale was to acquire
richer data as opposed to a 5-point scale. Lasttyjnstrument is comprised of three types of weiaesponses: (ajominal/categorical
variables, data that is sorted into unordered categorigg, (gnale or female”; “married, divorced or singlg(b) dichotomous variables,
data that has only two response options (e.g.; ‘ged “no”; “male” or “female”); and (c)discrete variables, data that has a finite number
of possible values (e.g., “1, 2, 3, 4, 5, 6, 7trdsgly disagree to strongly agree”; 7-point LikEdale).

Pilot Study of the Research

This study is a pilot study and the data collestéiibe used to determine what modifications need¢ made to perfect the study and
instrument. The data collected was from the mtatly was also used to evaluate and perfect theimnent in terms of question clarity,

consistency, flow and construct before beginnimgdtstributing the survey to the targeted poputatiastly, the pilot study was also used
to address issues with ERS in terms of: (a) rdifpland validity of the scales, (b) survey questmarity, (d) issues or inconsistencies
with the survey questions, and (e) survey desighfane validity issues of the instrument. This tedthe further development of the

instrument and the finalized version used for #aeoad study (Study 2). This will be discussed niror@epth later in the article.

In order to determine question content, claritgpomse time, and other statistical analyses, shteibasis for our pilot study. Our goal for
the pilot was 50 students. However, there was ancénthusiasm among the participants that we ddute original goal and collected
110 surveys. Notably, an adequate pilot study terdene correlations typically contain a minimuma3gf participants (Fowler, 1995 and
DeVillis, 2011).

5. Statistical Analysis Design

All of the statistical analyses were performed gsBPSS ® (Statistical Package for Social Sciendes3ion 21.0 software was used for
computing the data from the pilot test. SPSS waed der computing the descriptive statistics, infitid statistics and multivariate

statistics. This was used for establishing cemeradencies (mean, median, and mode), and develtipéngxploratory factor analysis, and
data cleaning. Multivariate statistical analysisswsed for computing factor analysis (principle poment analysis), logistic regression,
Pearson’s Correlation, and t-Tests and factor score

The research design also incorporated a factoysisalFA) methodology. The factor analysis was useprovide a means of assessing
validity and reliability (Brown, 2006; Kachigan, 299; Kish, 1987). FA is a multivariate statisticalaysis approach that takes a large
number of variables and reduces them into smaitegsurable constructs. FA is used to reduce vasabl a manageable number; to
identify a small number of factors representingtiehships among sets of interrelated variables @escriptors); and to study relationship
patterns among dependent variables (Gorsuch, ¥8&an, 1976; Mulaik, 1972; Rummel, 1970).

One critical advantage that factor analysis utllizaefamily of statistical procedures “for removithg redundancy from a set of correlated
variables and representing the variables with dlsneet of derived variables” (Kachigan, 1991)ctéa analysis is also extensively used
for development and validations of an instrumemc& the primary purpose of this study was to tgvand validate an instrument, and
explore student behavior; the researchers detedmntimat an exploratory factor analysis (EFA) wasagpropriate statistical mode of

analysis.

Factor Analysis Type Used: Principle Component Analysis (PCA)

The researchers chose the principal componentysasathethod of EFA for this study. Using a printipamponent method of factor
analysis has been historically associated wittdadilig first generation instrument. This is catito researchers attempting to establish
the factors (Gorsuch, 1983; Harman, 1976; Mula®/2, Rummel, 1970). The researchers performed a &Cthe data at interval and
ratio level of the research instruments (29 itetosjeveal factor structure. The researchers coeduah analysis of the 20 Likert scale
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entrepreneurial risk items. An advantage that faatmlysis has over these other statistical mettfcldstering and multidimensional
scaling) is that factor analysis can recognizeagegroperties of correlations.

Thus, Z represents a composite variable derived from rtteammon-factor components and theunique-factor components. Note,
however, that th@h variable has only one nonzero factor loadinghenunique factors, which is loadingon unique facto¥;. (Mulaik,
1972; Rummel, 1970). The rationale for using a Rgp® of factor analysis is: () PCA is used whenrbsearch purpose is data reduction
(parsimony) or exploration; (b) PCA is a variancetfsed approach; (c) variance within the factod @) PCA is not used in causal
modeling (ex. not used with structural equation eliod) (Garson, 1998).

6. Results of the Study

The overall results of the study indicate that Raie professors.com (RMP) has some influence oregelistudents. The researchers
investigated the influence of RMP on student ctmicéhe students were asked to rate 29 items omdtrement used for this study. After
data collection was completed, a data-cleaningga®evas implemented prior to data analysis. Whearewere detected, the original
source document was located and corrected. Theritgajd the data-cleaning problems were of thedwing types: (a) data entry errors,
(b) misspellings, (c) duplicate or redundancy giuir) and (d) some incomplete surveys with self-rigmbsurveys. Respondents elected to
skip, or otherwise omit some questions. One ofpifevailing issues with self-reported data was theigpant§ failure to complete the
survey or skip questions altogether. Surveys withenthan six skipped items were discarded. Noearstkivere detected.

Description of the Sample

A total of 110 college students from two univeestparticipated in study. Their ages ranged frolb3 8ears. They were recruited for the
study. Data from the subjects was used to condieciekploratory factor analysis. Descriptive stafisfor the sample are presented in
Table 1. The majority of the students were of Hmsparigin (94.5%), thus reflecting the demogragtoé the city from which the sample

was drawn. The table illustrates the descriptivaistics of the sample illustrates: gender, agknigty, student ranking, and class
preferences.

Descriptive Statistics and Demographic Data

Demographic data was analyzed using descriptivestita (measures of central tendency and dispersind student t-tests, to examine
characteristics between group differences. Talpeegents data on the student behavior in termdvi® Bor this study. The objective for
the descriptive statistics is to transform largeups of data into a more manageable form (Huckm@wr& Bounds, 1974)The students
were asked to complete the 29-item instrument.t@bke illustrates the descriptive statistics of saenple. There was a close parity with
the variable gender; however, there was not a balamterms of ethnicity, education level, and nedrstatus. As indicated, the first
column illustrates the frequency and percentagihefsample in the data. The first column illussatariable type. The second column
illustrates the frequency; and lastly, the thirduom illustrates the percentage of the sample.miscated in the table, the descriptive
statistics of the sample were as follows:

Table 1. Pilot Study Results: Descriptive Statistics and BgraphicgN = 110)

Variables Frequency % of Sample
Gender

Males 47 42.7

Females 63 57.3
Age

18-25 a7 42.7

25-35 63 57.3
Ethnicity

African American/Black 4 3.6

Hispanic/Latino 104 94.5

White/Caucasian 2 1.8
Student Ranking

Freshman 45 40.9

Sophomore 12 10.9

Junior 53 48.2
Class Preferences

Traditional (in-class) 27 24.5

Online 11 1.4

Hybrid (online/traditional) 72 9.2

Total 110 100.0
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Results of Exploratory Factor Analysis

First, to establish a base on the factor coeffisiem benchmark in terms of factor loadings, weasls¢nchmark for the factors. Typically
researchers consider variables with factor loadoagdficients of at least .3 in absolute valueasling on. eigenvector; thus as worthy of
consideration in the interpretation of the meanifthe eigenvector. Itis a common practice faesrchers conducting a factor analysis to
consider only factor loadings > .3 (see Tables®Eable 4). In addition to the results of the PGik,factors were extracted and accounted
for 65.7% of the variance in the 20 items teste@ (Eable 2). There was a percentage of variance Irb5% to 5.00% due to the positive
eigenvalues or high error variances between latanbles. Based on the PCA, the number of factetained was based on an
examination of six eigenvalues for each factor.

Second, SPSS ® (Statistical Package for SociahSes) Version 21.0 software was used for computiagdata from the pilot study. The
computation included descriptive statistics, inftid statistics and multivariate statistics. Thias used for establishing central tendencies
(mean, median, and mode), and developing the extplgr factor analysis. Multivariate statistical Bs#& was computed principal
component analysis (PCA).

Table 2 illustrates the eigenvalues and the variances. Eigenvalues (L) are a statistic used in factor analysis to show how much variation in
the group of variables is accounted for by a paldicfactor (Bryant & Yarnold, 1995; Cureton & D'égfino, 1993; Garson, 1998;
Gorsuch, 1983; Harman, 1976; Mulaik, 1972; Rumrb@¥0; Tabachnick & Fidell, 2007). The standarddoreigenvalue score is greater
than 1.0 (Vogt, 1993). Ten factors with eigenvalgesater than 1 were extracted which accounteb®38% of the variance in the 23
items tested (see Table 2). The number of facatesned was based on an examination of percenfageiance explained.

Table 2.Study 1 (Pilot Study) Results of Eigenvalues, Petages of Variance, and Cumulative Percentélyes 110)

Factor Eigenvalues % of Variance % of Cumulative
1 6.031 30.153 30.153
2 2.577 12.886 12.886
3 1.545 7.727 7.727
4 1.348 6.740 6.740
5 1.52 5.761 5.761
6 1.05 5.524 5.524

Note: Extraction Method: Principal Component Analysis ()C

Table 3 illustrates the eigenvalues and the variances. Eigenvalues () are a statistic used in factor analysis to show how much variation in
the group of variables is accounted for by a paldic In the PCA, the Kaiser-Meyer-Olkin measurdI(®) of sampling adequacy resulted
ina .831, thus slightly below the commonly recommended value of .6; the Barlett’s test of sphericity was significant y2 (231) =1118.677, p
<.000. In terms of PCA, a finding that indicattwave high loadings on the predicted factors inésatonvergent validity conceptually.
There were six factors that emerged as a resthiedPCA in that each items loaded primarily intdy@me factor (see Table 3).

Table 3.Results of Kaiser-Meyer-Olkin Measure of Samplirdeduacy and Barlett's Te@t = 110)

Measurement Type Measures
Kaiser-Meyer-Olkin Measure of Sampling Adequacy (&M .831
Barlett’s Test of Sphericity (Chi-Squarg) 1118.677
Degrees of freedofuf) 231
Significance(p) .000

Note: Extraction Method: Principal Component Analysis ()C

Factor Loadings and Coefficients

The standard for coefficient loadings for a fa@nalysis varies depending on the type of factolyaisza A standard for the factor
coefficient loadings of .3 or higher was establifar this study. Factor loadings .6 or higher@esidered “high” and those below .4 are
considered “low” (Garson, 1998; Hair et al., 1998)ble 4 illustrates the factor loadings for then2énerical items in survey instrument.
Communality (h2) is the sum of squared loadingd J$& each variable across factors. It measurepé#rcent of variance in a given
variable explained by all the factors. Communadigo indicates the variance, which a variable h@®mmon with other variables in the
factor analysis. Six factors were extracted (sd#eTd). Communalities are valued between 0 andrjafid & Yarnold, 1995; Cureton &
D'Agostino, 1993; Garson, 1998; Gorsuch, 1983; Fhbizk & Fidell, 2007). The standard for commutiedi varies depending on the
type of factor analysis methodology type, sampde,sind factor structure (Brown, 2006; Cureton &d®'stino, 1993; Garson, 1998;
Mulaik, 1972; Rummel, 1970). To set a standardH study, only communality coefficients greatean .2 were considered a significant
reliable indicator in the factor.
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Table 4.Results of 6-Factor Solution (and 21 items) witmé&ple Component Analysis Coefficient Factor Lazg Matrix with Risk VariablegN = 110)

Variables F1 F2 F3 F4 F5 F6
V22 - Consider RMP A Major Influence/Future Deciso .933

V18 - Took Professor/Despite RMP Comment .926

V19 - Reviewed RMP Comments After Taking Course 13.9

V20 - Consider Comments On RMP Reliable/Professors .815

V23 - Consider Comments On RMP Reliable/W.O.M. 746

V17 - Disagreed With Comments Posted/Professor 722

V28 - University Should Review RMP on Current Fagul .685

V12 - RMP as a Major Influence -.892

V11 - Reviewed RMP About Feedback/Course .880

V16 - Taken Course Despite Comments/Professors 20-.8

V24 - Views RMP as a Valuable Resource .823

V27 - University Should USE RMP/Hiring Decisions .723

V26 - Consider RMP Comments/Accurate Assessment 673 .

V14 - Reviewed Comments On RMP/Professor .746

V21 - Use RMP as a Resource For Future/Selections. .682

V15 - Made Decision Not To Take Course/RMP AT72

V13 - Word of Mouth Influence -719

V25 - Recommend Using RMP .509

V9 - Familiar With RMP .814
V10 - Reviewed RMP to Inquire About Courses 62.6

Note: Extraction Method: Principal Component Factor Asa (PCA). Rotation Method: Varimax with Kaiseoivalization.

Rotation converged in 11 iterations. Only loadirg3 are show in the table.

Table 5 illustrates the summated scale scoresafdr factor. The summated scale is the average feamboe of the variables in that factor.
The mean scores and standards deviations for aatdr fare shown. Factor 1 had the largest meae §dor29.77,3D = 15.288). This
indicates that among the six factors, collegesrditeenced by these closely related variables.

Table 5. Factor Scores of RMP Influence On College Studéits 110)

Summated Factors Mean SD
Factor 1: Student Influence/RMP 29.77 15.288
Factor 2: University Influence 6.96 1.651
Factor 3: Valuable Resource/RMP 9.18 6.324
Factor 4: Future Choices 9.66 3.791
Factor 5: Word of Mouth Influence 6.35 2.284
Factor 6: Knowledge Gap 3.57 1.332

Note: Summated scales were calculated an average scossake variables within that factor.

Table 6illustrates the summated scale scores for eacbrfaitte summated scale is the average factor sfdhe variables in that factor.
Usinggender as an independent variable, the mean scores amdbsts deviations for each factor are shown. ifidisates that among the
six factors influence university students’ choices.
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Table 6.Factorial ANOVA: Rate My Professors.com Effect wiactors and Variablgd = 110)

Factors S df Mean F p

Factor 1: Student Influence/RMP

V22 - Consider RMP A Major Influence/Future Deciso 578.5 1 4.652 .876 .352
V18 - Took Professor/Despite RMP Comment 523.1 1 20.3 .066 797
V19 - Reviewed RMP Comments After Taking Course 1.84 1 1.012 .202 .654
V20 - Consider Comments On RMP Reliable/Professors 530.6 1 411 .084 773
V23 - Consider Comments On RMP Reliable/W.O.M. 818. 1 737 129 .720
V17 - Disagreed With Comments Posted/Professor 6485. 1 .091 .020 .887
V22 - Consider RMP A Major Influence/Future Deciso 378.6 1 065 .019 .892

Factor 2: University Influence

V28 - University Should Review RMP On Current Fagul 6.55 1 .038 .627 430
V12 - RMP As A Major Influence 44.3 1 1.10 2.76 .100
V11 - Reviewed RMP About Feedback/Course 64.2 1 2.17 .291 591
Factor 3: Valuable Resource/RMP

V24 - Views RMP As Valuable Resource 380.7 1 .633 180. 672
V27 - University Should USE RMP/Hiring Decisions i 1 2.27 .455 .502
V26 - Consider RMP Comments/Accurate Assessment .0540 1 2.74 .553 .459
Factor 4: Future Choices

V14 - Reviewed Comments On RMP/Professor 117.4 1 73.5 .529 .468
V21 - Use RMP As A Resource For Future/Selections. 356.2 1 .001 .000 .987
V15 - Made Decision Not To Take Course/RMP 97.4 1 013. .014 .906
Factor 5: Word of Mouth Influence

V13 - Word of Mouth Influence 5.96 1 .027 494 484
V25 - Recommend Using RMP 458.2 1 8.79 2.112 .149
Factor 6: Knowledge Gap

V9 - Familiar With RMP 26.9 1 26.9 . .
V10 - Reviewed RMP to Inquire About Courses 76.0 1237 3.48 .065

Examining the Conclusive Factor Structure

The factor analyses results of the findings wees@nted. A revised conceptual model was developedrasult of the new conclusive

factor structure results (see Figure 3). The relvs®clusive factor structures model includes tbe factors as a result of the exploratory
factor analysis. The new revised conceptual modedgnts a 6-factor solution as shown in the prevexploratory factor analysis table

(see Figure 3).

A critical observation is that the factor structsignificantly differs from the exploratory concept theoretical model (see Figure 1). The
23 items configuration significantly differs witlhe theoretical model. A possible explanation thatlans why some factors were
important than other were based on the numberobdrfsand the coefficient amount. For example, défatt Student Influence/RMP had
the highest coefficients in the principle comporemalysis (PCA). Furthermore, Factor 1, FactofSa2tor 3, Factor 5 and Factor 6 were
the more important factors in the PCA and the study

The revised conceptual model indicates two thirfg}:the revised theoretical model shows more acgucd the results and better

illustrates the behavior of college students amdrtbhoices; and (b) the revised model also prdélvese are a myriad of influences that
affect college student behavior patterns and cBagsea result of the factor analysis. Becauseidhas exploratory factor analysis, these
findings assist in refining the theory proposedtfos study.
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University Choices of
[College Professors and
Students ’ Courses
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Figure 3. Revised Conceptual Framework

Comparing the Theoretical Mode with the Conclusive Factor Analysis Results

The results of the factor analysis of the 20 itelidsnot concur with the apriori factors of the thetal model. There are two main issues,
to consider, in examining the comparison between ttteoretical model and factor loading findingststithere is some structural
agreement between the two. Second, the conclusisterfanalysis structure confirms the appropriatetor loadings. Therefore, the
theoretical model does not completely explain #wdr structure of results from the data set ($ger€s 4 and 5).

The results of the findings are presented in theparison table (see Table 7) between the theotaticalel and the results of the
conclusive factor structure from the factor analySihe results of the factor loadings are presemesix factors. The first column
addresses the theoretical model's proposed loadirgs second column presents the actual resultiseofactor loadings from the study.
Notably, factor structure was significantly diffatdrom the theoretical model. This was most ewviderfiactors three and four.

University Choices of
— /College > Professors and
Students Courses
Figure 4. Conceptual Model of Study
University Choices of
/College Professors and
Students Courses

i

Figure 5. Revised Conceptual Framework
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Table 7.Comparison Between Theoretical Model Framework @adclusive Factor Analysis Structuié = 110)

Pilot Study Results: Conclusive Factor Analysis

Theoretical Model - Factors and ltems — Factors and ltems Structure

FACTOR 1: SOCIAL MEDIA INFLUENCES FACTOR 1: STUDENT INFLUENCE/RMP

V9 - Familiar With RMP V22 - Consider RMP A Major Influence/Future Dec.
V10 - Reviewed RMP to Inquire About Courses V1&eHR Professor/Despite RMP Comment

V11 - Reviewed RMP About Feedback/Course V19 - &eed RMP Comments After Taking Course
V12 - RMP As A Major Influence V20 - Consider CommtOn RMP Reliable/Prof.

V13 - Word of Mouth Influence V23 - Consider Comree®n RMP Reliable/W.O.M.
V14 - Reviewed Comments On RMP/Professor V17 - @sed With Comments Posted/Professor

V15 - Made Decision Not To Take Course/RMP

FACTOR 2: PERSONAL INFLUENCES FACTOR 2: UNIVERSITY INFLUENCES

V16 - Taken Course Despite Comments/Professors -\(#8versity Should Review RMP On Current Fac.
V17 - Disagreed With Comments Posted/Professor ARIIP As A Major Influence

V18 - Took Professor/Despite RMP Comment V11 - Berdid RMP About Feedback/Course

V19 - Reviewed RMP Comments After Taking Crs. VIaken Course Despite Comments/Professors
V20 - Consider Comments On RMP Reliable/Prof.

V21 - Use RMP As A Resource For Future/Select FACTOR 3: VALUABLE RESOURCE/RMP

V22 - Consider RMP A Major Influence/Future Dec. AN2Views RMP As Valuable Resource

V27 - University Should USE RMP/Hiring Decisions
V26 - Consider RMP Comments/Accurate Assessment

FACTOR 3: UNIVERSITY INFLUENCES FACTOR 4: FUTURE CH OICES INFLUENCES

V23 - Consider Comments On RMP Reliable/WOM. VReviewed Comments On RMP/Professor

V24 - Views RMP As Valuable Resource V21 - Use RMPA Resource For Future/Selections.
V25 - Recommend Using RMP V15 - Made Decision NotTake Course/RMP

V26 - Consider RMP Comments/Accurate Asses.
V27 - University Should USE RMP/Hiring Dec..

FACTOR 5: WORD OF MOUTH: INFLUENCE
V13 - Word of Mouth Influence
V25 - Recommend Using RMP

FACTOR 6: KNOWLEDGE GAP
V9 - Familiar With RMP
V10 - Reviewed RMP to Inquire About Courses

Note: Extraction Method: Principal Component Factor Asi (PCA). Rotation Method: Varimax with Kaiseomshalization. Rotation converged in 11 iteratio@sly loadings
>.3 are show in the table.

7. Discussion

The purpose of this study is to measure the impa&ate my professors.com (RMP) on college studehisices in class selection and
professors. The controversial sitt RMP has beencé@lsmedia phenomenon. The following three redeajuestions guided this
investigation:

(a) Does RMP have a major influence on college studehtsces for courses?
(b) Does RMP have an impact on students’ professocehldor course selection?
(c) Does RMP have an impact on future students’ corses

In this study, the researchers tried to fill th@ gathe field by addressing the problem of somiadia (RMP) and its influence on college
students. Not much research has been conductediéh Rhis study attempts to provide research on uhier investigated topic. The
conceptual model of the study was developed basdateoresearcher developed-instrument. The findimge gathered utilizing a first-

generation instrument developed from an extengview of literature.

An exploratory factor analysis was used to exantireinfluence of RMP this population: college stde When taking a exploratory
approach, it is suggested that the researcherstpgbto explore the patterns in the data coltkcfetotal of three factor models (see
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conceptual framework of the study) were investigdte this study. The theoretical model was ingggd in this study was a first-order
model with three latent constructs.

Finally, the findings of our research suggest thei®need for more studies and future researdRMiR and its influence. Since the study
is conceptually based on the prior literature n@vidowever, more research and a better understqmdiRate my professors (RMP) and
its influence on college students. Currently, theadf this investigation suggests that there g &R constructs that influence students in
terms of RMP.

Limitations of the Study

This study had multiple limitations that may haveeted the study. There were limitations in thedgtsuch as: (a) the study utilized a
convenience sample from university students, wheeld to bias in the study; (b) lack of diversitystudent ethnicity and population; (c)
sample size is suspect because the college stpdputation in area is 20,000; (d) geographical traimgs such as ability to reach other
students; and lastly (e) a fifth limitation is tithe study used a new instrument that may haveteeswith high variability between the
difficulty values between the items. Consideringttithe instrument had a large range of coefficidmtsveen factors (and items) is
warranted, however the mean of the factor coefftsién the range of .800 suggesting that most efitdtms were distributed in the upper
end. It is the opinion of the researchers that beeeof these limitations, the findings of the stwdll possibly lead to a stronger
subsequent study for future research. The futwseareh will be more in-depth study and capitalimeh® limitations of our pilot study,
which was just the beginning.

Recommendations for Future Research

Developing a new instrument for a new study caproblematic. In developing a first generation-instent, there are challenges for us as
researchers that emerged beyond the data. Thig waslan endeavor of hard work and persistenceedas the findings of the research,
there are suggestions for further research:

e Acquirealarger sample size. Expand the study with a much larger sample size &0 to 1,000). This would be optimal for the
next study; it would be helpful to further undergtahow this population of students influence byeRaty professors.com
(RMPY);

e Expand to more universties. Expand the study to other universities in the Satonio area; by expanding to other universities
we can measure RMP's influence across a diversemstpopulation;

e Expand the study to examine community colleges. The study could be expanded to a community coleggem; we could
replicate the study to see if community collegelstits are also influenced by RMP as their univeiunter-parts;

e Expand the study on aregional and national basis. The study could be expanded on a regional andrmatbasis; we could
replicate this study on that basis and further emarRMPs influence on students’ choices.

Considering the plethora of opportunities to coridnore research on the subject is intriguing. s goal to move forward to a formal
study and capitalize on the constraints and linaitet of this pilot study. We think that would hapeovided a stronger foundation for
improving the next study. Occasionally researclherge the opportunity to expand the population sanufilized for their pilot study.
Again, it is our goal to increase the populatiompke size significantly.

8. Conclusions and Critical Observations

The conclusions of the research suggest that Rutprofessors.com is an influence on college stidertie conclusions of the study
were: (a) there were six factors that resulted ftbeexploratory factor analysis (principle compatnenalysis); and (b) the conclusive
factor structure significantly differed from theetiretical model. The main implication in this stusl that RMP has some influence on
students, but it may not be a significant influerBased on the review of the literature and théofaanalysis, we concluded that social
media (RMP) is a multidimensional construct. Funth@re, our exploratory factor analysis revealedaotors with multiple variable items
that influence student choices. Based on our relsgtitose six factors cannot be taken as thedmadlusion in the research. One reason is
the sample size for the pilot study was adequate barger sample size is much needed. Howeveknow there are at least six factors
that influence student behavior in the making thossices. One clear inference from the researtheisRMP is an influence on college
students but the extent of its influence still re&dther investigation.
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